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ABSTRACT

In this paper, we investigate an energy-efficient
inference of an artificial neural network. In particular,
we propose an energy-efficient artificial neural network
inference process based on neural network partitioning,
in which the artificial neural network is partitioned and
distributed between a mobile end device and an edge
server. Then, by performing cooperative inference via
wireless communications, the amount of energy

consumption required for the entire inference process

can be reduced. Simulation results show that the
proposed scheme can improve the energy efficiency of

practical inference tasks.
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Fig. 2. End-to-end energy consumption versus partitioning
point and the optimal partitioning point
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